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MRR@10 R@50 R@lk

Sparse retrieval
BM25 v 18.5 58.5 85.7
DeepCT (Dai and Callan, 2019) v 243 69.0 91.0
docTS5query (Nogueira and Lin) v 27.7 75.6 94.7
Dense retrieval
coCondenser (Gao and Callan, 2022) v 38.2 86.5" 08.4
RocketQAv2 (Ren et al., 2021b) v v 38.8 86.2 08.1
AR2 (Zhang et al., 2021) v v 39.5 87.8 98.6
ColBERTvV2 (Santhanam et al., 2021) v 39.7 86.8 08.4
SIMLM v v 41.1 87.8 98.7
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