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... the model’s internal lingua franca is 11
not English but concepts— concepts 9
that are biased toward English. ;
Hence, English could still be seen as a s
pivot language, but in a semantic, '
rather than a purely lexical, sense.
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Figure 2: Language probabilities for latents during Llama-2 forward pass, for (a) translation task from union of
German/French/Russian to Chinese, (b) Chinese repetition task, (¢) Chinese cloze task. Each task evaluated for
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* On the Multilingual Ability of Decoder-based Pre-trained Language Models: Finding and
Controlling Language-Specific Neurons [Kojima+, NAACL2024]

* Language-Specific Neurons: The Key to Multilingual Capabilities in Large Language Models
[Tang+, ACL2024]
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