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Concealed information Detection

e EENBMZIMO>TLSADIZHLELVHID LI
RAOFHOTWNAH & (BRIER) TRHT HFRY
< (JEZED)Deception (FE{A):
— HSHELMERZ N> TULEIIDEIITIRDES &

The Information Grid

Appearance

Information

No Information

Truth ‘ Information

Honesty

Concealed Information

‘ No Information

Deception

Honesty

Table 1: The Information Grid: Concealed Information vs. Deception
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Multi-task Learning Models
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IS 2009,
MLP + BiLSTM Individual Features, 64.14/70.02
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. IS 2009,
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Multi-task
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